GCCCE 2025
NFEHERFELEA LLM B RAZF ) P HITAREXA R

Behavioral Pattern of Upper Elementary Students in Programming Learning Assisted by

LLM

b, pah &2, S, MY
HBEFEAE FIR AUMNIFEKF
SHEF R WL RF
* dansun@hznu.edu.cn

[#H£] KiE=#EA (LLM) %0 ER T BRIRKFRAFE, ASEAARTKEINFEALEERARESHEAL
AP mE BT A AFFRRERRA T &, BT RTEAFF LG CodewithAl -F&, FET 64 & FHFRF
AME R LLM FRBAZF ST GH N AR KA. & FFDF 4 Zi@id LLM F K3t % AT Python XD 69 fiF 45 42
R, N2 FHERDRL LLM A L EH, ARt —F AR A EH RGN FHFRFEIFHF AN
THFREH. SABEE. BRARXE R EERELERE, ETFTXLRN, AFTHARGHF R F
MFRFAEATF R TEGTFRRE THFAFRED

[X4] XiEs/E,; IFaik REFID; THH

Abstract: The influence of Large Language Models (LLMs) is progressively extending to younger students, however,
there is a scarcity of research examining the fine-grained behaviors of primary students utilizing LLMs. This study
employs a mixed-methods approach, utilizing the CodewithAl platform to investigate the programming learning
experiences of 64 upper elementary students with the aid of LLMs. Findings reveal that students primarily seek
explanations for their current Python code and pose questions, frequently submitting their code for accuracy checks.
Furthermore, the study identifies distinct clusters among the participating upper primary learners, namely novice
explorers, advanced coders, active debuggers, and struggling coders. Finally, this study offers pedagogical and
developmental recommendations for instructional design and the creation of Al tools tailored for younger students.
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W, ERAALIFRRERR, EENMUBRFR TS 28R, EXEHMKR, KiEF
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AEEEH @D F A EAP T R AR, AR ERNFATERLAMBREAAE TR
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At (HFRNFAELE LM SRS PORAITABRIRMF 27 ), &A1k
ETEAGRBITAKIE, FRRAFEFIN O EAZNREBNGIT ARG T, SHER
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42 DEFFREFLE LLM 2 RAZFE T F R 79X 9L BIHIE
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BB RAZA LT A P EIE RSB TRABHILE) 442 R 9% (RPI)  (+=86.18, #*
#£=33.99) Fegikay-FE&#EE (NoO) (M=17.55, SD=6.79) »
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Rt ey miadat (Zhang & Tur., 2023) &
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