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An exploratory study of multilayer network analysis based on the Traces analysis framework

in connectionist learning
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Abstract: In the context of the digital intelligence era, learners' learning styles have become increasingly diverse, and
cross-platform data association analysis is becoming important. Based on connectivism, this study uses the Traces
analysis framework to analyse some representative data. It is found that there are some significant differences, but all
have certain regularities, some learners are important in knowledge dissemination and attracting quality learners. Due
to the inherent limitations, , it is only an exploratory study at present, but it has proved the feasibility and advantages,
and need to be improved to comprehensively reveal the phenomena and regularities in connectivist learning.
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