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Abstract: Deep learning has shown significant potential in the recognition and analysis of classroom teaching
behaviors. This study systematically reviews 56 articles from 2015 to 2025, retrieved from CNKI and Web of Science.
Findings reveal a focus on dataset construction, recognition algorithms, analytical techniques, and application
scenarios. Despite progress, challenges remain, including insufficient multi-scenario and multi-modal datasets, limited
model generalization, and the need for optimized analysis methods and expanded educational applications.
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