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Generative Al: The Cutting - Edge Technology Reshaping Learning Analytics
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Abstract: Generative Al drives the paradigm shift in learning analytics from data-driven to cognitive-embedded
approaches through dynamic knowledge topology modeling and cross-modal alignment techniques, enabling granular
learning trajectory tracking and personalized interventions. It constructs a closed-loop "learning-assessment-decision”
system in scenarios like basic education and vocational training, significantly enhancing educational precision and
responsiveness. However, limitations in technical adaptability , ethical risks, and inefficient ecosystem collaboration
hinder its scalable application. Future efforts should focus on developing domain-specific models, improving ethical
governance frameworks, and fostering interdisciplinary integrationto advance educational digital transformation.
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