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Abstract: With the rapid development of global education reform and technology, the evaluation system of higher
education is undergoing profound changes. Peer review and artificial intelligence evaluation tools have become the
focus of research. However, the comparative study of group evaluation and ChatGPT is still insufficient, especially the
emergence of ChatGPT-4o has injected vitality into the field of educational evaluation. In this study, Mann-Whitney U
test and interview topic analysis were used to systematically compare the differences in evaluation quality between the
group and ChatGPT-4o, and to explore students " acceptance of the two. The results show that there is no significant
difference in the quality of the two in the first round of evaluation, and there are significant differences in the
dimensions of constructiveness, accuracy and specificity in the second round. The interview shows that students have
different views on the two evaluations, and the two have complementary effects. The research provides a reference for
teachers to choose evaluation methods reasonably, and helps education evaluation develop towards diversification and
intelligence.
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Braun #= Clarke (2006) & EMHOMAER, A RA N BT R RGBT AL R F o4, AL, #F
AR MR 2 3323 3 ) B AR T T KA, X s X AL S A )3 R A AR A T E A B ik, 8T
HERSAT, RE BN TR WIEF L. ARRTR T EGTEMN, KNE5HRE
R#TTRATICR, A#—F 2 ERmDTE,

4. FRAERET®

4.1. A FEHF ChatGPT-4o0 7EH 695 £ £ F

(1 BTTHREEHY, DAFMN L5 ChatGPT-40 M EA 2. ik, FEHE, T
Pefe AARME AL LRI ST E R AF—HFERT, 1PN 5 ChatGPT-4o 17493
(£ FHD, BRAMIIE, MRS RA N FHEDHHT ChatGPT-4o. A, # 5=
BERBP, MEEIEEFY K, ChatGPT-do £ FTA 4 L&-F3F 0¥ & T b,
k1 BBEHOERAITEER

% —4 p o)
. ChatGPT-40 . ChatGPT-40
. /‘éﬂ_"/\ . /‘éﬂ_"/\ .
P MR N MR N
¥){a WEE A 2/& ¥){a WEE A AREE

R 3.79 0.732  3.69 0.766 3.77 0.667  4.05 0.647
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