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A postgraduate degree thesis quality monitoring system based on BERT and
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Abstract: Aiming at the pain points of traditional postgraduate thesis quality monitoring, such as over-reliance on manual
analysis, low efficiency, and inadequate excavation of existing problems, this study constructs a postgraduate thesis
quality monitoring system based on the BERT model and Generative Artificial Intelligence (GenAl). First, a method for
mining typical problems in thesis review based on the BERT model is proposed, which takes advantage of its powerful
deep semantic understanding capability to accurately identify both common and individual defects of theses in dimensions
including research topic value, logical structure, and academic norms. Second, relying on GenAl technology, a multi-
dimensional quality analysis report is automatically generated, which not only presents the quantitative evaluation results
of thesis quality, but also provides targeted optimization suggestions for students and improvement plans for supervisors'
guidance priorities. Experimental results show that the proposed system can significantly improve the accuracy and

efficiency of thesis problem mining, providing intelligent support for the improvement of postgraduate training quality.
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