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Building a Multi-Agent Expert System for Personalized Student Profiling and Learning Plan
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Abstract: To address the problems of single-dimensional student profiling and insufficient reasoning ability of monolithic
large language models in current educational evaluation, this study constructs a four-dimensional evaluation framework
covering knowledge, cognition, emotion and behavior based on the learner model, and proposes a multi-agent education
architecture with expert collaboration. By driving collaboration between agents with different roles, the system realizes
a closed loop from accurate diagnosis to adaptive planning. Empirical analysis shows that the system can effectively
identify student groups and formulate personalized academic plans through prompt-driven dynamic priority integration
mechanism. The evaluation results show that its generation scheme is excellent in accuracy, personalization and
educational rationality, providing a new perspective for GenAl to empower education.
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