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Abstract: The development of large model agents and chain-of-thought reasoning solves the challenges in text
evaluation. The consistency of teaching content has long been an important part of teacher evaluation, and the
consistency based solely on national standards does not take into account the personal development of teachers, and the
use of instructional design as a mediating condition to intervene in the optimization of teachers' teaching content has
become a more method. In this study, the deepseekR1 large model was used to replace the manual assessment, and a
method was developed to evaluate the achievement of instructional design using intelligent agents. There are five parts
that can be identified in an instructional design text: instructional objectives, key difficulties, instructional process,
instructional strategies, and assessment. The intelligent agent tool was used for text utterance analysis, and a new
calculation method was developed based on semantic matching and achievement range, which was assigned weight (w)
to enhance its accuracy and stability. The model is fine-tuned in this way. The results showed that there were significant
differences between novice teachers and expert teachers in the achievement of different parts of instructional design.
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WP FeFERHERF AR TRAXFIRIFAFIEXET SR, BACMNAEY AT
AWEN, HFEFAETROEHHAKR G IR, TOFEARGIRGF., Tahfetibtm X TE
(Gamoran et al., 1997) o #JF i T H X R T E, HIAZXALHFTNERANHKZIEE P
89— /ANE ZPe ik (Porter, 1995) o LATOIAF XA, AT T ANE 06 MM AL AT R £
fE 5 A BB T AR BT AL B R AE AR, AT A 55 2 A M (Nigel et al., 2023 ; Schmidt et
al,,2011)e PEF R, BHRPRT (HFREZIMAXRE (2024—20355F) ) BATH
FRFFIMMEEZ XA FABRSERGR;, BFANEZBCERN I BRI, TaFEtEid
HOERNGEREITL,

2022 F A& B A5 K A #F REZCIRE, BUHT KT B iR, REBFABSERD
B, HF XA EIRTFHFOE—FLEL, REFLEHNARLAZGETITE, €E 3L
THFF RBARISY, wHF BAR, Eoff R, HFRE, TR, I (F3h. £6 5

838



#) A=2if4E (Moore & Kearsley, 1996) o £EM E LR, HFIETEBRBAAFZENFQ,
AL E R F A G INI R BN H A R0 2T AR e TH) FAK, £iR &S
0 EFEMF, RARFEABARGER (T4, 1997) ; R ReH %+, ®RALER
AMRPREREFAENFRAE (XN, 2016) « HATKRBEHITFOKF T ARET L4
SERGEME, HFH., AN, SHBRLABEFRKGEFF o

HERAERBERETHFAEN FHE LA ZRFN, BAFARAERELZEHE
NE. B ERPFAEAFIRRERF L TEAREAEAE (laconangelo et al., 2022; Van et al.,
2023) o A RAIHF KT E BT ILAE A E 5 E 56 (Purwaningsih et al., 2024) , 2 fEFa 52
IR F#H TG E LR K EXAETEZ (Linetal, 2024; FBHHE A, 2019; 55 F
A, 2018) , BAAEAIFERAZD ., HEK, MERA R 5. KiBFHEAMEH AT
FAB AT ERAY, LAREIBZIHITIE, X mRmB LA T HBIHIT R K385
T #5209 4% (Dai et al., 2024; Gill et al., 2024; Naidu, 2023) , LHER AEFFEXFF7 @,
RC RGP, FINEREE (CoT) HEHERET —MHFMOMEFTE (fF F,
AEE & HIE, 2024) |, DR AR AL A5 B A P A6 AT, A T P A EAE SR
* TR0 W,

ARRA T KRR S f e F RAKFIRTERE T ERENLTL, HUEFAR IS, @
AREZFHREWEG TR AN FGEEFHE TR ARE, KRBTSR

IR AR TP TR TR

K& 5 HEALE LK F o MF e R B ANAEAR AR E F R T A, RATRBRA
Fo IR TIAL, FIRIG A RALMEATT B4 M . 12 R A AL 1745 P N & 3K AR 45 HATR B 69 74
ZR—AKBELA, Smith FA (1992) AR TH LS RARE TIE. AT LT E R
BARE, AEFETAREPEEMRERLT RBAKFANEF . X EATAE O IEHF B AR,
R b R (BIEF) | AR (FH. ERHIR) AREFIFN Y i b
25 ) (Gagne et al., 2005; Weston et al., 1995) . #4149 7 ik 5 Porter 49 A TiF % 7 ik 1< B
(Porter et al, 2011) , FEARGGHKMAREMNAKFZITF, BT E NI IFNIRAER
B KA RN EMAER ., KAN1EFE L EABL S Porter 89K M 7 kAL A, FHEINEINE
K, HARFEE LA EERFEA BN BERET TR0 E, BEFENNE—ANEFR
HERS . BARmT LT A Lo

% 1 Kig s BAF AR

L AR

#HF N EISRILT 5 B AR,
T S Al G B E G 6 0 E] e g e ASR A,
HF kAo Ty kO AR N F .
H i AR T AR A TR SR IR
TAMRILE BRI T ik
RAZHZ ZHF AARMANZAEF .
F Rk SR R, RECMNOKEFNRSERLIATE
P17,
MIA =52 Z R FREIFE T Fh,
#FFEARERT R, 1BIRFF b2 220 —8 ik,
AT ENFAERMET AR, RESRETRGERE.,
AT —F R F B AR
0 h KA S, 125 — kiR SR
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3. RAFRIF P RERA T A0 —FFE T F#k,
4, K{AS/HHFIRCLETR, REIRFHRZFWE.
5. T RS R FARMET RN, 1282 S EANIFLNLHIT
1o
1. PH=Z0Z2—0#F BARFEH L,
2. KA SO AEN, EEBARLE L ZRKT —AFR E,
3. RAZ 52—t R F Rk Fe 7 R LB R 5,
4. HFIARTZE, T REL.
5. A3 BATAE T ik, A2 KIRAEFAE R R
1. HFEARERNE T XA RIS k.
2. KAEAa B2 A A%,
3. X AT RS R K R Ty AR LA 1T B A,
4 #HFARZTEBE T RITR
5. # F AR T AR REA R

Bk (1)

HFERAAENEZRLRME . Martin (2011) & —3 % F#HF %+ T E 3T %
b, BHFAEARINARER, AEFHHNHINIARSIER, Rd, HFITR AR K
RITRAINIR . Plde, BAEHNEMGRE T, BFEHHAAZSARINS (Han et
al.,, 2015). Et, AFHERFETERFAEZRGFFZAT, AT AREAFw. &
R E B MK RET BRI E (AHP) 28, REBAFEAME R F. KAKE
TRTAZERHTAFREEZARGERL, AESHETT 02 1089470 92 H
MEputiT, H RSP —#2/E (CI1=0.005C12=0.10) . RALEERNTREBHFH
S, ETEFAFNEERRS, RFIFENTZERK (C1=0.004). F5 R AL
st R B E R 2.

% 2APA R T iF 4 R
HF AR #HFPEERE HFIALR HFER HFPD o

it
#F B AR 1 1.435 1.3135 1.264 1.4235 253
HFE A 0.679 1 1.186 1.227 1.414 207
#Fid 4249t | 0.8945 1.075 1 1.3105 1.451 221
HFR% 0.6645 0.7005 0.7755 1 1.1335 161
HF Y 0.707 0.7075 0.6915 0.991 1 158
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Intelligent Agent Tool Design Technical Approach - @ X

E] Instruction content E] Instruction design -
Task 1: EVA-Alignment

ore | Prompt extraction Task 2: SemanticMatching
. Demand A
@ Object text processing

<inputl, outputl>
- :
Text corpus - <input2, output2> R

Memory

LORA! SFI-LLM < i |
Fin-tuning GPT Model Ral ‘ Train set Test set |
Qule paradigm e )

7 -

Bert Score

Multitaskine =
Intellicent Agent | Multitasicing Output and Feedback
5 B I

R E S S W RUR A ERY L 3 v

IE R AR B ME 45 TR HEF X AN EEY, §TEXRZ N5 LN
A, AREE#FRBAMA. KRR TIKKELS (LoRA) & (Maoetal, 2024) , %
TR K RIE T NG E, BIEERY T GPURGER . AMIALZRE 40LHKFFH
REPAT b T8 B R AT HAT T 46, F /AR T sk 23, AT, RAbER
T DeepSeck #= GPT 42 A& &9 M4 f& . GPT £ 3% 4L 5 3] Ao 4L 32 1% & 7 & £ T DeepSeek,
DeepSeek f£ & WL AR 3k A 5 22422 75 & & B & (Rahman et al., 2025; Gao et al., 2025) . #&
%4 T deepseekR1 A A AF A X R o9 Kb AL, BTk, £/ T DeepSeck A M E T
K REARIEIZ, 3 TiEL AL, RAVKM T Bert Score ik, % h kAT ARL A IRELF
YR AE 15 X ABMLZ (Zhang etal, 2019) o 53] £i%E A 3e-4, I ILH 80, AR A
AR KO FE: AN, LRI, F37 B 5 F1:E(A) A5 XL EHR LT (G). mE, 1
X ARk AT REFHGER, B 1T

AT AR A B, A E AT oA AR B S T R R R 84T 9 BT T AT IR IR R,
BARBEAEERITOO—RBARKTHAEAKRITONE R, mERITHNE XA IR
DR BB BTG —FE, TEAIRFBRESF (p>0.05) . HLAFEKTISAHFEL L
WH— =AM, ok 3T,

& 3Ry 5 KIS AT

7 AR IR FRES
Mean (STD) IAA Mean (STD) IAA
HF H AR 4.08 (0.71) 0.836 4.16 (0.83) 0.713
g T & 4.12 (0.58) 0.871 3.97 €0.71) 0.749
it fz 3.84 (0.71) 0.733 4.05 (0.51) 0.581
o Rk 3.91 (0.36) 0.786 0.63 (0.58) 0.671
VTSIV 4.01 0.63) 0.814 4.17 (0.78) 0.813

ok — 28 45 4 — & 12 (IAA)
3.8 F # et RHITHF BT X R BB AT R
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AL TH R SAER IR AR, FR—AS K20 P FHITGLE R, A6
HITF, SERHF, SLAEER, LFEARiEwA L, HITRAARNHB: &L o,
HELEATHG0H. NFRTIFTIE, SR—FREREOHF TN, AEZAHE
FIeg Bl iR . HFAME T H oM. BHRFRFHTFHITE ERXHAITZ MGt F £ F.
HHT 20 L#HIFHTF A (M=6.399; SD=0.397) . £, RMAAFFHITFEEFH
IAEHS ik LM AR R E LR, R, S0MEN AR, ZFTEFRNI. TA
R4 4% A Shapiro-Wilk 3 # 47 T EA MK, £ % 27 k4t (-0.508<4k F<-0.043) ,
FUBEESN . RAABERILKER, SRETHFHRTFEERRIFZMEAILEE
F (t=-1.525; p=.145) ; TRAHBFHBZRALEIAFEF 27 (t=-1.007; p=327) ; EHF
BAR (p=211) . T EEE (p=.662) ARKFIFM (p=2817) 7@, HFHIFTEERHK
IMZ AL EFEEF. R, BHFFE% (p=.000) FegtFid42 (p=.032) 7 @EAAT
BEESF. ERFERBITE, HFHRITHEREEZES T ERXHIF (1=5.689) , mAHF
AAEGT @, ERFFHERAELES THFHIT (1=-2.180)  &KAVFHT T & EFZA AT,
AERBENRENGH 0, RAXF ORI ZRARFE SR FIRG TR, BHHFR
BB FIFM R R E R e RF T R FIROERE R ZH T ARG E.

R RIL, HFHRITFEHFE T HEERE, LEREREARSERE L, L —8MHF
DRFRTEREIT HF RGBS E TR RIFE R AT 3 F R HIF 5| K EZA169 5548, H AT
(TR AT, Pl 5F8m A 0RO H 0 RAIFRLE LG E. FLERA, F
ke IF 2 K H BRI LEE (TSANG 5, 2022) , HAFFLAKFFREO TN, ¥
HMA L BRH X TR, ZEERAEW, REANTHEEFERXEITO L, FHoF
GHUEARSFHNERFREFTHARR S ERHET, BRI RIREFTRLB, EUAFEAF
SHYREF, RHAFAEAFINRI N ZARSHFHFfeE XHFa K2R %,

4EF R KA KRR

HF R HHPNEG— R IRET #0075 %, Kt T Porter K P AT A &
Mo fEAAEFHF A, HFBTHLT AR IRFEOEL, FMRET RRFARZMA
B2 G—IFRARRG P, ARE, REHHAFUATLLELIRNGTEAME, 55
B K 2022 F#7 6P K A9RAEATE TSR RRIT— &, AARITIFHO M, KRRk
HF T2, SATRAAF AN FORAEN, MERLOHEFATEDLT 2 FEEHGE
o KR, XA EBE T HIFOAAMLY o KREA A 2 KAUE A IR E A 47k R
—8k, BACAHBMITZ—FA, FRLEFANF ] RAARIZGEXE. HFR
HRET 2 2aAEES, BB g, 7 RHIPERER;, mEHTRERL
AR, R, RAIVAAHT T2 FURIRFHXERNY, FEAEEATE, KT BT
AAAA S A RITHS . LB AT AR RARBE T N E G RE,

ARG RS T ARG T T, 5 AR RIS T Sk —H, HATR R
X —id A A R, T B ARG R R R ARG RS . T %7 A AR T
ARIEAR th A9 AE SR AR S TALRY 3, A BhFOT R A, ARBCEAER GFT R — 2 2 4E
AREBGFTRT Mo BARVA AT, 122 KFRARRE T —F 21371 09 77 53
PEFHITRAKF AL, HARBREHTHE ., REFTEL, KRR FFAELId, L
K REESATARIAR L, AERKGEN . E—FOE—A AN R e ET ik
HRT F Pty EAM, AT RIRE ORI T RA A L. A AN IR R,
RETHERANETEL. CHRAREFEINGAEIRBET HOEE,

BE LK
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